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Abstract As the cruising range of drones is extended, drones would be required to land au-
tonomously in unknown environments due to the variety of tasks and emergency landing. Auto-
matic detection of safe landing sites with onboard sensors is a key challenge for achieving such
autonomous landing. We are developing an automatic detection method where the ground surface
is classified into some classes by using Convolutional Neural Network and the flatness of the ground

surface is estimated by optical flows. This paper presents the results obtained by the method and
discusses ways of enhancing the method.
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